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Machi Koro II, otherwise known as ‘Dice Town,’ is a quick dice-rolling board game that allows players to build their own
coin-generating city against others. Captivating players with its fun designs and need for technique, we sought to explore the
optimal strategies for gaining landmarks and winning the game. Through a Markovian construction and examination of each
establishment, or playing card, we uncovered patterns within each card color, the number of players, and the probability of rolling
either one dice or two. Our findings found that blue establishments ensured a consistent accumulation of coins through the game
for all amounts of players and within rolling one dice or two. On the other hand, red cards bested blue ones but only in early-game
scenarios with a greater number of players. Green cards were also very effective in early-game situations but for a smaller number
of players. We also analyzed the unique combo cards, revealing their potential for high return under varying conditions. For new
players and old, Machi Koro II is a great tactical game, but statisticians may find themselves with a frequent upper hand.
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Introduction

Building upon the success of its predecessor, Machi Koro II’s
fast-paced dice-rolling game combines strategic thinking and
dynamic gameplay to create the highlight of modern board
gaming. Translated to either ‘Dice Town’ or ‘Around Town,’
the game uses both tactics and ‘luck’ to pit players against each
other to build their city the quickest1. With over a million
copies sold, multiple game of the year nominations and wins,
the game is a common staple amongst board game lovers of all
ages1. Machi Koro II’s allure may lie in its colorful artwork and
accessible gameplay, but beneath the designs lie a rich landscape
of probabilistic intricacies waiting to be explored.

Machi Koro II, a stochastic board game, similarly to the
well-known Monopoly, centers on player purchases and fund
savings to invest in city developments. Contrary to the original
Machi Koro, each player begins with a small amount of money
to which the players can either buy cards or save. The market
cards, known as establishments which are available for purchase,
vary between prices, rewards, corresponding colors, abilities,
and activation. There are a total of 21 available establishments
with 20 landmarks. After the initial phase of buying and saving
coins at the start of the game, players take turns rolling either
one dice or two dice, depending on what establishments they
have purchased to earn coins. Half of the establishments are
activated through numbers rolled on one dice, 1-7, while others
are on two, 8-12. The aim of the game is to acquire enough
coins to buy three landmarks which cost 12 coins each. The first
to three landmarks wins.

Due to Machi Koro II’s (MK2) stochastic nature, we must

adopt a stochastic statistical method to analyze the benefits of
each establishment to earn enough coins for landmarks. Markov
Chains, a common stochastic process, predict the probability of
an event out of a sequence based on the state of the previous
event2. A key fact of Markov Chains is that future predictions of
an event depend on its current situation, making them memory-
less and thus useful in analyzing stochastic board games such as
Machi Koro and Monopoly. A player’s decision in these types
of games is influenced by their current position, yet another
benefit for MK2.

Markov Chains are characterized as either continuous-time,
for constant transfers between events, or discrete-time, for incre-
mental transfers between events. We will use continuous-time
Markov’s because in MK2, players make decisions constantly
throughout the game; buying establishments, rolling dice, mak-
ing payments, earning income, etc. Because these actions occur
at any time, there is a continuous flow of state transitions. As
such, Continuous-time Markov chains (CTMC) are closer in
nature to MK2 than discrete Markov Chains and utilizable for
this research.

In creating probability matrices of various amounts of players
to the number of coins they can earn for each card, we can
determine whether a certain subset of establishments is most
beneficial for attaining landmarks. We consider questions such
as “Does an establishment’s upfront cost matter?”, “Does it’s
color?”, and more. These results will allow the player quicker
acquisition of coins, better selection of establishments, and
bragging rights to game night of this well-played yet under-
analyzed board game. Ultimately, this paper concentrates on
finding the optimal strategy in particular establishments for MK2

© The National High School Journal of Science 2024 NHSJS Reports | 1



to win.

Literature Review

Markov Chains, named after their inventor, Andrey Markov, in
1906, have long been used in numerous real-world applications,
including biology, physics, economics, and computer science.
These chains, fundamental in probability theory, are effective
mathematical tools for modeling dynamic situations contingent
on the current state2.

Mathematically, Markov Chains consist of a transition matrix
and separate set of states. The transition matrix represents the
probabilities of transitioning from one state to another while the
set of states are the distinct situations or events one is predicting.
For example, denote vector S = S1,S2, . . . ,Sn as the set of pos-
sible states and transition matrix P as an nn where Pi j represents
the probability of transitioning from state Si to state S j.3

To find the new state distribution, New State Distribu-
tion=Inital State Distribution × Pt where t is the number of
transitions. Figure 1 below represents an example Markov Chain
with its transition matrix and a visual representation of the situa-
tion.

Fig. 1 Visual Representation of a Markov Chain4

As seen, the probability of one event to another is based solely
on its current state and not on its previous places. This is the
basis of the mathematics of a Markov Chain which are broadly
categorized into two main types: discrete and continuous2.

The two types of Markov Chains, Continuous-time (CTMC)
and Discrete-time (DTMC), only differ in time intervals. Com-
pared with CTMCs, DTMCs operate in discrete time steps where
the system transitions from one state to another at fixed inter-
vals3. CTMCs include transitions at any nonnegative real num-
ber. This means that the states are still fixed, but the time it takes

to move from one state to another follows an exponential distri-
bution pattern where transitions happen randomly5. CTMCs are
a blend of DTMCs and the Poisson process, which is another
method of handling random events over time. While the Poisson
grows indefinitely, CTMCs do not and therefore have stable
behaviors over time5.

For MK2, CTMCs are a more applicable model despite the
distinct turns in board games. This is because MK2’s purchases,
buys, and rewards are received and given continuously rather
than strictly at the end for each turn. For example, players
decide on purchases and receive rewards in a manner that reflects
ongoing decision-making rather than discrete steps. Rewards
are given immediately, which allows for purchases or other
exchanges of coins to be made between turns, making DTMCs
ineffective to model with. CTMCs more effectively capture this
continuous decision-making of MK2 over the DTMCs, allowing
for a more accurate modelling for our research.

There have been many previous studies on Markov Chains in
other popular board games—notably Monopoly and Risk. By
constructing Markov matrices, these investigations aimed to un-
cover insights on optimal strategies, resource management, and
potential game outcomes. For Monopoly, researchers examined
benefits of players on any given place by modeling the proba-
bility of ending a turn on a given monopoly space as a Markov
chain. Doing so allows analysis on the amount of possible rent
money made throughout the game per property over multiple
rounds. Due to its stochastic nature, Markov chains were able to
represent the many rounds of the game6. The same idea applied
to Risk, another stochastic game, on whether a player should
attack an army to acquire territories based on the number of
armies a player has4. Based on previous research on other board
games, stochastic ones, with representations of the many factors
in gameplay, Markov chains have proven successful for finding
possible unverified strategies and applicable in our research for
MK2.

For our research, we hope to apply the lessons of previ-
ous Markovian research on board games with the widely used
CTMCs to identify the benefits of each card in MK2 to master
the game under different conditions.

Methodology

Our investigation in identifying optimal strategies for MK2
focuses on building Markov Chains for each establishment’s
turnout of coins for a certain number of rounds. To do so,
we must construct the input vectors (initial state matrix) and
transition state matrices for all establishments under certain
criteria.

MK2 includes a variety of different establishments with vary-
ing effects and functions. There are four colors of establish-
ments: blue, red, green, and purple, denoting specific abilities.
For the blue establishments, if any player playing rolls the num-
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Table 1 Input Vector and Transition Matrix for Vineyard (100% 1-Dice)

Table 2 Input Vector and Transition Matrix for Vineyard (80% 1-Dice)

ber the card displays, the card-holder receive the rewarding
number of coins. For red, the card-holder steals coins from the
player who rolled the number; for green, it is the opposite with
solely the card-holder needing to roll the denoted number; lastly,
for purple, these establishments are primarily exchange cards
with various effects on all other cards. For our purposes, we
neglected all purple establishments because they are majorly not
based on net coins but on exchanging cards.

Apart of the green establishments, there is a separate cate-
gory of combo cards. In such, the card-holder earns more coins
depending on how many of a certain subset of establishments
the player has. For example, Furniture Factory is a combo card
where the card-holder earns four coins for each establishment
that contains a gear icon. In the full deck, variously colored
establishments, including the Mine and Forest, contain the re-
spective icon which is triggered when the card-holder rolls the
number on the combo cards. As such, the combo cards func-

tion differently from the rest of the establishments and will be
analyzed separately.

Additionally, each landmark costs minimum 12 coins so we
consider all landmarks worth 12. They also have various effects
themselves ranging in changes to net coins to player actions,
but because we cannot predict which random landmark, each
with very different effects on the cards that the card-holder may
or may not have, we ignore all landmark effects similar to our
reasoning for neglecting purples. Furthermore, the game is won
by acquiring 3 landmarks, however, in our analysis we compared
cards based on 1 landmark since the probability process will
repeat similarly if done up until 3 landmarks.

Lastly, we created multiple Markov Chains for each establish-
ment based various differing factors. The game is designed to
be played with between 2-5 players, so we constructed matrices
based on 2, 3, and 4 players. As well, during the game, the
player has the choice of rolling two dice or one dice. To combat
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the uncertainty of a player randomly rolling one or two dice
throughout their gameplay, we built five transition matrices for
each card with a 100%, 80%, 50%, 20%, and 0% probability of
rolling one dice versus two.

Ultimately, our research aimed to compute the probabilities of
each establishment acquiring one landmark, comparing between
colors, number of players, and probability of rolling with 1-dice.

To begin, we needed to create the input vector. Since the goal
of the game is to reach 12 coins, the cost of a landmark, our
input vector should represent the number of coins a player has
at the start of each round, or transition. However, each card
has different upfront costs which add onto the landmark’s costs,
so each matrix for every card has different dimensions. For all
establishments, the input vector dimension is 1×n where n =
12+Cost of Card +1. The plus 1 accounts for the 0. Because
we assume that the player uses all coins at the start of the game
and begins the rounds with 0 coins, the input vector begins at 0
as [1,0,0, ...,0×n].

Next, we needed to create the transition matrix, representing
the probabilities of earning coins for a particular card. Similar
to the construction of the input vector, the transition matrix’s
dimensions are n×n where each column represents the expected
number of coins after one rotation round (your turn and every-
one else’s turn) and the row represents the current number of
coins that you had starting the rotation. The matrix consists
of probabilities that a player will end with a certain number of
coins after a rotation.

Now, to obtain our new vector, or our new current standing
of coins, we must multiply the input vector by the transition
matrix. Doing this once represents one round, we repeated this
seven times to obtain results after seven rounds, a reasonable
number of rounds to earn enough coins for landmarks after our
own experiences in playing the game.

At this point, we compared within each player scenario and
condition of dice for each color and specific card. Below is an
example of how we constructed the input vector and transition
matrix for the blue establishment, Vineyard for 2 players at 1-
dice 100%. Vineyard costs 1 coin at the start and is triggered by
the roll of a two. As such, our input vector for Vineyard will be
1×14, beginning at 0, and our transition matrix is 14×14.

To construct the probabilities, we needed to determine the
probability of obtaining a certain number of coins based on how
many coins the card rewards. For example, the first slot of the
transition matrix represents obtaining no coins for one dice on a
card that is only triggered on one number, which is two, out of
six on a dice. To earn no coins, one would need to roll any other
number than two, making the probability of rolling a 2 equal to
5
6 . However, because this card is blue, either of the two players
in this case needs to roll a 2, so the probability of either player
rolling a 2 is

( 5
6

)2
= 0.6944.

If we wanted to find the probabilities for the same card and
scenario but at an 80% chance of rolling 1-dice, we would follow

a somewhat similar process. To earn no coins, instead of using
5
6 , we would use

( 5
6 ×0.8

)2
because there is an 80% chance of

using 1 dice versus 2. The process repeats similarly for 50%,
20%, and 0% of rolling with 1 dice. Figure 1.3 depicts the
80% version of Vineyard in the same conditions as the 100%
one—reflecting various results.

We analyzed the combos a little differently. Since they cannot
be pooled in with the other cards, they need to have their own
analysis because their matrices represent different factors than
the other establishments. Their matrices are instead based on the
possible number of triggers—the expected value of a random
variable through the expected value formula. The triggers were
calculated in the same way as the other cards, but instead rep-
resent the possible number of triggers where µ(x) = ∑x× p(x)
after a certain number of rotations. After a certain number of
triggers, we compute the expected triggers of each combo card,
we can calculate the expected gain from each combo card. By
multiplying the expected probability of being triggered in a
certain scenario by the gains per trigger, we can get the gross
expected gain where the sum is µ(x)× gains per trigger. We
followed this procedure in every dice probability situation as
well as based on the cardholder having either 1, 2, 3, or 4 cards
that the holder’s combo can trigger. So, the result of the combos
is the actual coin addition over 5 rounds instead of a probabil-
ity of acquiring enough coins to earn landmarks like the other
establishments. Below are the total expected matrices for the
combo cards with 1 card in combo.

We used this process of determining probabilities, altered
for each card and number of obtainable coins, for the rest of
the cards on all conditions of rolls and players using Excel and
MATLAB on Google Colaboratory for modeling.

Results & Analaysis

Using these methods, we were able to compute the end of 7th
round probabilities for all blue, red, green, and combo cards
after the 5th round as well as successfully compare them against
each other. The following figures list all of the probabilities for
each respective color per number of players and probability of
using 1 dice.

These lists (Figures 1.5-1.8) are a record of our probabilities
as an overall reference to each of the calculated probabilities of
each card. Below (Figures 1.9-2.3) we graphed each possible
card color versus its possible players and dice percentage. These
visualizations reveal various results concerning card color and
1-dice percentage. By comparing all of the cards in 2-players at
respective 1-dice percentages, we can see the benefits of certain
cards over others at different points in the game (assuming
players typically start the game rolling 1 dice and progress to 2).

Each of these graphs represent the establishment’s probability
of gaining a landmark for 2-players at various dice percentages
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Table 3 End Probabilities of 1 Card in Combo Between Different Dice Percentages)

in order for red, blue, and green after the 7th rotation. Do
note that the green card probabilities will not change based on
number of players throughout our analysis because they are
only triggered by the card-holder. Additionally, each of the
cards above have various upfront costs and returns, altering
each establishment’s effectiveness in earning enough coins for a
landmark.

For 2 players, we see a general pattern (Figures 1.9-2.3) of
blue cards achieving the highest probabilities versus the other
cards for all dice percentages. However, green cards have an
advantage over blue ones at 80-50% 1 dice situations. There
is another pattern within the blue cards. The cards that are
primarily triggered by one dice; Flower Garden, Vineyard, and
Forest; have the highest probabilities compared to all other
cards when 1-dice percentage is 100% and the contrary is true
at 0% for Cornfield, Mine, and Apple Orchard. Specifically,
Vineyard and Flower Garden are the most effective cards for
1-dice majority situations and the same for Corn field at 2-dice
majority. This is due to each card’s quick recovery from their

upfront costs; Vineyard costs 1 coin, but returns 2; Flower
Garden costs 2 coins but returns 2; and Corn field costs 2, but
returns 3. Additionally, the probability of being triggered factors
into each card’s returns. Corn field is triggered by a 7, which
has 6 combinations whereas, Apple Orchard, triggered by a 10,
has only 3 combinations.

The reason behind blue card supremacy against other cards
is because the main player gains coins based on other players
as well, meaning that their returns are twice as frequent as the
red player cards. This reasoning is why blue is more effective
than red, which only gains coins based on the other player. The
highest probability across all dice percentages for blue is ∼0.04
while the same for red is only ∼0.02.

Convenience stores’ (G) equally competitve result with blue is
a result of its specific costs and returns. It costs 1 but returns 3, a
net gain of 2 which is higher than the net gain of most other cards
(excluding Apple Orchard and Mine whose low probabilities are
a result of their low landings from rolling frequencies). As such,
Convenience store has an almost equal result, despite being
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Table 4 Probabilities of Blue Cards with 2-4 Players

Table 5 Probabilities of Green Cards with 2-4 Players

Table 6 Probabilities of Red Cards with 2-4 Players

green, than blue in the 1-dice majority situations.
As a result, players should rely on blue and green cards in

2-player situations. For the start of the game, when players

Table 7 Probabilities of Combo Cards with 1-4 Cards in Combo

are more likely to roll one dice, players should buy Vineyard,
Flower Garden, and Convenience Store; for later in the game,
they should rely on Corn Field. This is due to each cards’ low
cost, high gross reward (in comparision to their cost), and quick
return (based on 2 players). However, this result may vary for
more players. Below (Figures 2.4-2.8) are the same situations
as above but for 3 players, allowing us to analyze 3 players the
same as 2.

As compared with 2 players, we see some new patterns in
Figures 2.4-2.8. The blues continue to maintain generally higher
probabilities compared to other cards, however, in the 2-dice
majorities, we see that Mine specifically has dramatic results.
With 3 players, blue cards are triggered more often because there
are more players. As such, it becomes more frequent to roll
the more unlikely numbers, such as 11 and 12, which Mine is
triggered on. This, coupled with a 2-coin net profit has led to the
Mine’s new advantage. For green, Convenience store has lost
its competition with blue cards but Convenience store continues
to be somewhat effective in the 80

Reds, mainly Sushi Bar (cost 2, take 3 from opponent) have
amassed a dramatically high result from its previous perfor-
mance with 2 players, the highest increase in probabilities. Trig-
gered by 1, it is most powerful in the 1-dice majority, but does
perform higher than Vineyard and Flower Garden for a few rea-
sons. With more players, similar to blue, there are an increased
number of chances to roll a 1 within a turn, increasing how
often it is triggered. Additionally, reds require the card-holder’s
opponents to pay them instead of taking from the bank. As such,
all opponents decrease by 3 at the same time that the cardholder
increases by 4 (2 players give 2). However, since it is impossible
to roll a 1 on 2-dice, we see very low performance in the 2-dice
majority situations compared to blues.

As such, players in a 3-player scenario should continue to
rely on blues, less on greens, and more on reds. In particular,
Sushi Bar is very effective in the beginning of the game while
Mine assumes that role later. Specifically, players should utilize
Sushi Bar for its low cost and effective return at the beginning
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Fig 2: Probabilities of All Cards, 2 Players, 100% 1 Dice Fig 3: Probabilities of All Cards, 2 Players, 80% 1 Dice

Fig 4: Probabilities of All Cards, 2 Players, 50% 1 Dice Fig 5: Probabilities of All Cards, 2 Players, 20% 1 Dice

Fig 6: Probabilities of All Cards, 2 Players, 0% 1 Dice

of the game and assume Mine later on when rolling with 2 dice.
However, the player can rely on a mixture of blue cards as a
stable return of net gain throughout the game as blues seen in the
figures continue to have a high average probability compared to
reds and greens. Lastly, we have the 4-player scenarios (Figures
2.9-3.3).

Contrary to 2 and 3 player games, 4 players find more rep-
resentative and competing cards, with at least a small benefit
for all cards. However, 4 players follow a similar pattern to
the 3 player games. As continued from the previous players,
blue establishments are a stable and very effective choice for
earning coins compared to reds and greens, primarily in the
2-dice majority situations as seen in 3 players.

The red cards, primarily Sushi Bar, gain a greater advantage
in the 1-dice situation than the 3-player game due to the increase
in players who can trigger Sushi Bar and more total coins gained

with more players paying. However, we see that green cards
have completely fallen away are no longer effective set of cards
because they continued to have the same return as in 2 players
while blues and reds increased in a nonlinear fashion. Players
in a 4-person game should adopt a similar strategy as 3 player
ones to gain landmarks quickest, relying on Sushi Bar (1 dice
majority) and Cornfield/Mine (2 dice majority). Below is the
analysis for the combo cards which depicts the expected gain for
each combo card based on the cards in combo (Figures 3.4-3.7).

Here we analyzed each combo card against each other based
on gross expected gain from between 1-4 cards in combo in
possession. As expected, the greater number of cards in combo,
the greater expected gain of combo cards. Besides for a slight
overpower at 20% chance of rolling 1-dice, players, if they are
going to use combo cards, should use Flower Shop throughout
the game compared to other combo cards. Next, use Furniture
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Fig 7: Probabilities of All Cards, 3 Players, 100% 1 Dice Fig 8: Probabilities of All Cards, 3 Players, 80% 1 Dice

Fig 9: Probabilities of All Cards, 3 Players, 50% 1 Dice Fig 10: Probabilities of All Cards, 3 Players, 20% 1 Dice

Fig 11: Probabilities of All Cards, 3 Players, 0% 1 Dice

Store, Winery, and finally, Food Warehouse. Combo cards can
be very effective but players must analyze how many cards in
combo they have before acquiring a combo card because they
can be costly—requiring up to 4 coins for Furniture Factory.

Next, we compared each individual card against all numbers
of players and dice situation to determine when individual cards
are most effective (Figures 3.8-4.2). Putting all the cards to-
gether at each player number allows us to view which cards out
of them all are most effective at different numbers of players. In
doing so, players can adjust the cards they choose based on how
many players are present.

For 100% and 80% 1 dice scenario, we see the highest perfor-
mances in Sushi Bar and Vineyard for any number of players.
However, for 50%, 20%, and 0%, we see that Mine and Corn
Field are the most effective compared to the rest of the cards.
Ultimately, players should aim to acquire Sushi Bar and Vine-

yard at the start of the game (under the assumption that players
roll with generally with one dice in the beginning of the game)
and Mine and Corn Field later on while analyzing their cards in
combo if they want to buy a particular combo card.

Discussion

In our pursuit of the strongest cards in MK2 we found many
valuable insights into the dynamics of the game. However, like
any study, there are limitations to consider. First, we neglected
the purple cards as well as the impacts of landmarks. In real
gameplay, the purple cards can swap between others and disrupt
the probability models. The same applies for landmarks. Yet,
these cards are but a small effect on the majority of the gameplay,
allowing future players a strong chance to beat others.

Another limitation lies in the decisions of players. Humans do
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Fig 12: Probabilities of All Cards, 4 Players, 100% 1 Dice Fig 13: Probabilities of All Cards, 4 Players, 80% 1 Dice

Fig 14: Probabilities of All Cards, 4 Players, 50% 1 Dice Fig 15: Probabilities of All Cards, 4 Players, 20% 1 Dice

Fig 16: Probabilities of All Cards, 4 Players, 0% 1 Dice

not follow uniform playing habits and may adapt their strategies
based on their current standings in the games. In reality, player
strategies and in-game decision may vary based on individual
preferences, experience levels, and game dynamics. While this
research assumes that each player prioritizes maximizing coin
accumulation for landmark purchases, in reality, others may try
other techniques such as disrupting opponents’ plans or more.

This study analyzed the possible strategies for Machi Koro II
over the first Machi Koro because of its several improvements
that enable a richer subject for analysis as well as its more
popular and newer edition. Machi Koro II is a more complicated
gameplay with more specific effects as well as a wider array of
cards and rules that has not previously been researched upon.
By tackling the harder of the two editions, we can bring wanted
attention to the growing game.

Future work off of this research may be a dive into the effects

of the purple establishments and landmarks in certain scenarios.
Or, a study of a set of players playing similarly to these rolling
and playing conditions to see how effective our results are in
real gameplay. Regardless, our results offer a new chance to
master in MK2 that has been previously untapped in.

Conclusion

With an increase in board game popularity, more families and
friends are testing their hand in both nostalgic and modern board
games. Machi Koro II is similar to Monopoly but has many
of its own unique qualities that make it exciting during every
game. However, there have been few statistical studies into these
new games. As such, we examined the probabilities of various
card outcomes under different game conditions, identifying key
trends and highlighting recommendations for a swift win.
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Fig 17: Gross Expected Game of 1 Card in Combo Fig 18: Gross Expected Game of 2 Cards in Combo

Fig 19: Gross Expected Game of 3 Cards in Combo Fig 20: Gross Expected Game of 4 Cards in Combo

We saw that blue establishments tend to offer the most consis-
tent coin generation for both the beginning and end of the game
for all players and rolling 1-dice probabilities. However, we
found that reds have proven to be more effective than blues with
more players and earlier in the game. Conversely, green cards
should be utilized with a smaller amount of people. Certain
cards, such as Flower Garden (B), Vineyard (B), Corn Field
(B), Mine (B), Sushi Bar (R), and Convenience Store (G) have
proven to show steady returns on investment.

We note that the combo cards are up to the player’s decision.
If they have more than 1 card activated by a combo, they should
buy the combo. However, the player needs to decide if they
have enough in their total set of cards before buying. If they do
consider buying, Flower Shop has the greatest coin profits.

Due to the limitations we experienced with this research, the
conclusions we have come to are fair chances of improvement
rather than adamant assertions that following a particular strat-
egy will always result victoriously.

Future players should test our results to test their own luck
with this guidance. Testers should gather between 2-4 possible
players who have not researched strategies of MK2 and follow
the respective advice per player and per the time of the game.
Testers should utilize certain cards for the beginning of the game
based on our results and the same for the end of the game. They

should then record their results based on the other players and
repeat without discussing any of the proposed strategies. This
should also be repeated by other testers with different sets and
numbers of people. Testers can also try to do the opposite of the
advice in this research and record their respective results.

Our research has designed a framework and a guide for future
MK2 players to loosely follow to earn the most landmarks and
better their chances in winning. The purple cards, landmark ef-
fects, and in-game decision making may impact the results of the
study, however, the main trends we identified will demonstrate
themselves over the seven rounds and beyond. The next time
someone proposes to play Machi Koro II on a game night, be
sure to expect to be victorious by simply following the statistics.
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